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Let m; = y1; + Y2, (i=1,--- ,n)and A = log“—;l%l_—% Then
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We have the conditional likelihood
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Thus, the score statistic for the null hypothesis Hy : A =0 is
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2.
Profile log likelihood for v is denoted as IP(),y) = (%, 5\1;,, y). By Taylor expansion, we obtain
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Hence,

If :\¢ is not consistent estimate of ), these expectations may be very large. Thus E [%]




